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Background and Motivation
The explosion of scientific research in machine learning has
led to the rapid growth of paper submissions to top
conferences. Can we predict whether a machine learning
paper will be accepted using machine learning methods?
Kang, et. al. published initial work on this topic in April 2018
with the public release of PeerRead, a dataset that collects
research papers from AI/ML conferences.

Models
We reproduced the models from Kang’s paper together
with some other models.
• Logistic regression with L2/L1 regularization.
• Random Forest
• SVM with RBF kernel

•

Result
The first row shows the accuracy of the baseline model of
predicting by majority, which in this case is reject all the papers.
Our best models outperform Kang’s best model, which has 65.3%
test accuracy on average.

AdaBoost
• We used 50 weak classifiers.

Datasets and Features
We took all the 427 papers submitted to ICLR 2017 as our
dataset. There are 172 accepted and 255 rejected papers.
For each paper, we extracted 18 features of numerical and
Boolean values.

Future Work
Our work focused on the ICLR dataset, which has limited
examples. Similar studies can be done on other
conferences with more submissions, like NIPS, or for the
same conference but with submissions across years. The
challenging part is parsing and featurizing the large number
of papers, which is computationally expensive.
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Neural Network
• We used ReLU activation function and 20 different
network structures.
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