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BACKGROUND

RESULTS & DISCUSSION

AUTOMATIC MUSIC TRANSCRIPTION (AMT) is the task of generating a symbolic score-like representation of a polyphonic acoustical signal ACOUSTIC MODEL

e CHALLENGES: acoustical signal of concurrent notes can have complex interactions, there can be large variations in audio signals
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OUR GOAL: to implement an end-to-end pipeline that converts .wav piano audio files into a “natural” score-like representation TR T e e =TT EE

2 MAIN STEPS: acoustic modeling (which closely follows Sigtia et al.) and score generation with smoothing: . orresponding Ground T

F1-SCORE ACCURACY

ACOUSTIC MODEL SCORE GENERATION TRAN.T4.09% | TEST:54.45% || TRAN: 99817% | TE5T-98.727%

Our results are comparable with current state of the art transcription models;

DATASET: 1338 MIDI files of expressive classical piano pieces OBJECTIVE: derive a standard score from human performances sparse nature of audio data and limited variation of sounds pose challenges
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CONVOLUTIONAL NEURAL NETWORK (CNN) I
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