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Background and Motivation
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Problem Descrlptlon . c | izﬁ': [ (yj(?»))r Case study on model performance compared to ODE solver:
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« Accurate outputs v ANN Architecture Selection o A\
* Major problem: stiff ODEs require expensive implicit integration + Tested various network parameters: number of hidden layers, number 0 A‘ 5 2o 0o
* Intractable with modern mechanisms (e.g. gasoline surrogate - of neurons per layer, cost function, and activation types 0 2 4 6 8 10 12
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* Defined a figure of merit = ||x,, — xayn|| to quantify model Discussion & Future Work
Proposed neural network-based method performance for each architecture Too complex
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